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Application of machine learning algorithms in screening of active components in Chinese

materia medica
ZHANG Nengyi, LI Yuanyuan, WANG Tianming

School of Pharmacy , Shanghai University of Traditional Chinese Medicine , Shanghai 201203, China

Abstract: Chinese materia medica (CMM ), as a complex chemical system, has long faced challenges in active components screening, such

as the high compositional diversity and unclear mechanisms of action. In recent years, the integration of machine learning algorithms has

provided a new paradigm for the modernization of CMM research. This paper systematically reviews the classification of machine learning

algorithms and explores their application scenarios, technical challenges, and optimization strategies in the screening of active components

from CMM.
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